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Incremental Algorithm of Text Soft Clustering

Feng Zhonghui, Bao Junpeng, Shen Junyi

(School of Electronics and Information Engineering, Xi'an Jiaotong University, Xi'an 710049, China)

Abstract: Focusing on the problems that the text clustering has high time complexity, the algo-
rithms that are independent on the distance are unsuitable for dynamic and changing corpus, and
the multi-subject characteristics of a single text cannot be considered in traditional algorithms, an
incremental algorithm of text soft clustering based on semantic sequence is proposed, in which the
clustering candidate with minimum entropy overlap value is selected as a result cluster by using
similarity relation of semantic sequences and calculating the coverage of similarity semantic se-
quences set. The dimensions of text vector space are decreased dramatically in the clustering pro-
cedure, so the computing time can be reduced. Since the semantic sequence is only related to
text, it is available for incremental clustering. The comparison of experimental results shows that
the algorithm can achieve higher precision than other algorithms under same conditions, especially for
soft clustering of long texts set.
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